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Let’ s say that we want to use the following features: height of the pet (cm),
the length of its tail (em), and face—zhape (where 1 means perfectly round,
smaller numbers mean more elongated.) Given a dataset with only dogs and cats,
because we have two mutually exzclusive classes az our tarsget walue, this

gqualifies as a binary classification problem.
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Face Shape 0.6 »
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Each image ig 2 We oan interpret this sg & big array of
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We can flatten t array into a wector of

matter how we flatten we' re congistent between images.

niz in a T84

Prom this perspective, just a bunch of g

dimension veolor cpac siruciure

Explore the data

to explore the dataset a

Before building a mode andard prac
Bef k lding del, dard §

sg 1f we want,

can be & very involved pro

Pittle and get a fesl for

will viewalize and

but here we' 11 just do the minimum required checks.

inspeot the dataset manually, and we will also the Following measures

of our detaseot:

stances and features

of the data,

the dimenzione/szhape

The range of the data's features
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